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Summary

Tightening budgets and increased calls for accountability have sparked efforts to determine the value of U.S. Department
of Agriculture (USDA) data products. This report surveys the social science literature on the value of public data, explores

the research on the value of USDA data, and describes a framework for prioritizing data collection and reporting.

There are a number of motivations for the public provision of information, such as public-good and externality argu-
ments, the potential to improve market efficiency and resource allocation, and the desire to reduce information asym-
metries and inequities, which suggest a potential under-provision of market information by the private sector. The value
of information is related to the ability of producers, speculators, and consumers to make decisions that better correspond
with reality. A wide variety of empirical approaches have been used to study the value of information, and the advantages

and disadvantages of each are explored.

Researchers have used market-reaction tests most often to assess the value of USDA commodity information. The extant
literature consistently shows that such data provides valuable information to market participants. Although numerous
studies provide indirect evidence that USDA data offer significant economic value, prior research has largely refrained
from quantifying the value of data in a way that can be compared with costs. A proposed framework for data product
prioritization requires decision-makers to weight the relative merits of different factors affecting the value of data collec-
tion and dissemination. The framework can be used to provide qualitative guidance and quantitative, relative rankings of
alternative data products. The last section of the report offers recommendations for further research, understanding the
extent of data product use across Federal agencies and streamlining data products to more closely match how and when

they are most useful.
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Value of USDA Data Products

In September 2012, the U.S. Department of Agriculture (USDA)’s Office of the Chief Economist (OCE), the Economic
Research Service (ERS), and the National Agricultural Statistics Service (NASS) asked the Council on Food, Agricultural
and Resource Economics (C-FARE) to conduct a “review of the value to the public of surveying and reporting commodity

statistics.”

In May 2013, C-FARE hosted a seminar in Washington, D.C. on the value of USDA data products. Social science experts
from academia, government and the private sector, along with representatives from the OCE, ERS, NASS, and the Agri-
cultural Marketing Service (AMS) participated in the conference (see appendix A for the program). In addition, C-FARE
put out a call for public comments on the value of USDA data products (see appendix B). This report synthesizes informa-

tion from the seminar, public comments, and from independent literature reviews and assessments.

The primary objectives of this report are to:
1) Discuss the economic and non-economic motivations for public data collection;
2) Provide a conceptual basis for valuing information;
3) Discuss empirical approaches for measuring the value of information and review the associated literature in rela-
tion to USDA data collection efforts;
4) Provide a framework for prioritizing the net benefits of alternative USDA data products; and

5) Provide recommendations to improve USDA data collection efforts and to prioritize alternative data products.

Critically evaluating USDA data collection efforts, and when appropriate, justifying these activities, is important to safe-
guard the public trust regardless of the budget climate. However, recent budget cuts from sequestration and other budget-
ary rescissions have meant elimination of some NASS data products, which in turn, has affected ERS’s ability to deliver
outlook reports and other analyses (Bohman, 2013). Elimination of some Department of Commerce data products has
hindered OCE’s development of World Agricultural Supply and Demand Estimates (WASDE).*

Furthermore, agriculture has changed significantly since many of the data collection projects were initiated, and new
technologies allow the possibility to reduce data collection and dissemination costs. With the federal deficit serving as a
focal point, and accompanying prospects for further budget cuts and greater accountability on the horizon, the time is

ripe for an assessment of the value of USDA statistics.

USDA collects and disseminates a diverse and sizable amount of data on agricultural markets as a part of the federal gov-
ernment’s broader statistical programs (see Office of Management and Budget, 2013). Appendices C1 and C2 contain par-
tial lists of the data collected and reported by AMS and ERS, respectively. A partial list of NASS statistics by subject can
be found online at: http://www.nass.usda.gov/Statistics_by_Subject/index.php or http://www.nass.usda.gov/Quick_Stats/.
USDA National Resources Conservation Service (NRCS) data on the natural resource inventory is available at http://
www.nres.usda.gov/wps/portal/nrcs/main/national/technical/nra/dma/ and soils data are available at: http://websoilsur-

vey.sc.egov.usda.gov/App/HomePage.htm.

USDA data reflect the Department’s broad mandate to oversee education, production, research, and many other areas
relating to food, the environment, and farming. In general, the data can be categorized as:
o Data associated with the annual or semi-annual agricultural commodity production, including NASS reports on
crop acres planted and harvested, inventories, etc. (e.g., Crop Progress and Condition.) and livestock inventories
(e.g., Cattle on Feed or Hogs and Pigs).
« Data on prices received or paid for agricultural commodities, such as AMS boxed beef and feeder cattle prices in

different regional markets.

* The World Agricultural Outlook Board (WAOB) in the Office of the Chief Economist coordinates the development of the WASDE with input from other USDA agencies, such as
the Farm Service Agency, the Foreign Agricultural Service, the Agricultural Marketing Service, and the Economic Research Service.
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o Surveys of people, farm, and business characteristics, including the Census of Agriculture (NASS) and ERS and
NASS’s Agricultural Resource Management Survey.

o  Other agriculturally-related data, including the national resources inventory survey or soil surveys conducted
by the NRCS, and other surveys such as weather, pesticide use, or use of conservation tillage practices which are
collected at other agencies.

« Integrated products that utilize collected data to create “new” data products. Examples include WASDE, which
relies on data from NASS and other USDA agencies, and many ERS products such as per-capita food consump-
tion, price spreads, and productivity, which depend on data from NASS, AMS, the Bureau of Labor Statistics, the

Census Bureau, and others.
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USDA Accounts for Almost 8% of Federal Data Collection Costs

USDA Agencies’ FY 2013 appropriations have two elements, the amount in the bill signed by the President and the
amount received that applies the sequestration and further rescissions. The initial appropriation for NASS was $179.4
million in 2013, with $116.9 million allocated to Agricultural Estimates and $62.5 million to the Census of Agriculture
(Figure 1). In 2013, ERS’ appropriation was $77.4 million, $33 million of AMS’ appropriation was allocated to Market
News, and OCE received a budget of $16 million'. While the nominal budget amounts have trended upward, real (infla-
tion adjusted) budget outlays have been flat or slightly declining. The 2013 appropriations do not include reductions from

sequestration and the mandatory across the board rescission.

In FY 2013, the actual funds available include reductions from the March 1, 2013 sequestration (about 5 percent from
non-exempt, discretionary budget authority) and roughly a 2.7 percent across-the-board rescission to all USDA discre-
tionary programs (excluding the Forest Service). After these cuts, the NASS’ FY 13 total budget authority was $166.6 mil-
lion, with $108.6 million for Agricultural Estimates and $58 million for the Census of Agriculture. ERS” budget authority
was $71.4 million, AMS received an allocation of $31 million for Market News, and OCE received a budget of $15 million

after the reductions.
Figure 1. Budget appropriations for USDA agencies in FY 2013
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Source: Individual yearly reports at the USDA Office of Budget and Program Analysis: http://www.obpa.usda.gov/budsum/budget_summary.html,

Post sequestration and rescission information came from:

H.R.933 - Consolidated and Further Continuing Appropriations Act, 2013, and HYPERLINK “http://beta.congress.gov/bill/113th-congress/house-bill/933/
text” \t “_blank” Public Law No: 113-6. http://beta.congress.gov/bill/113th-congress/house-bill/9332q="%7B%22search%22%3A %5B%22hr+933%22%5D %
7D, and The 2013 post-sequestration and rescission estimates came from http://www.dm.usda.gov/foia/docs/USDA_PPA_Table.pdf with the additional 2.5
percent, across-the-board rescission taken for listed programs.

1 According to HR 933, Consolidated and Further Continuing Appropriations Act, 2013, the USDA OCE amount is for, “necessary expenses of the
Office of the Chief Economist, $16,008,000, of which $4,000,000 shall be for grants or cooperative agreements for policy research under 7 U.S.C.
3155 and shall be obligated within 90 days of the enactment of this Act.

From Farm Income to Food Consumption: Valuing USDA Data Products



A report by the Office of Management and Budget (OMB) (2013) provides perspective on the federal costs of the major

USDA statistical programs.

Table 1. NASS ranks first in share of USDA cost for statistical programs

Direct Funding for Statistical Programs (million dollars)
Department or Agency” 2011 Actual 2012 Estimate 2013% Estimate
National Agricultural Statistics Service $156.4 $158.6 $179.5
Natural Resources Conservation Service $148.0 $138.7 $134.5
Economic Research Service $81.8 $77.7 $77.4
Forest Service $71.8 $69.2 $66.8
Food and Nutrition Service $61.2 $36.1 $38.6
Foreign Agricultural Service $28.6 $26.1 $26.8
Agricultural Research Service $5.7 $5.7 $5.7
World Agricultural Outlook Board $4.8 $4.7 $5.0
Risk Management Agency $4.8 $4.0 $4.0

Source: Office of Management and Budget (2013).
" AMS is not listed as a statistical program in the OMB report.
? The 2013 estimates do not include reductions from sequestration.

NASS accounts for the largest share of Federal data collection costs. NASS expenditures of more than $150 million
annually include funds for the periodic Census of Agriculture ($42 million and $63 million in 2012 and 2013, respec-
tively). The OMB report also reveals that (p. 23), “Intradepartmental transfers support much of the reimbursable work of
Department of Agriculture (USDA) agencies. Approximately $19.0 million of NASS’s reimbursable work is done for other
agencies in USDA”

OMB reported $6.6 billion in total direct funding for major statistical programs across all Federal agencies in 2012. USDA
accounted for about $521 million or 7.8% of the total. To put this share of spending in perspective, agricultural, forestry,
fishing, and hunting account for 1.2% of the current-dollar share of gross domestic product (GDP); accommodation and
food services, 2.9%; and health care and social assistance, 7.6% (Kim et al., 2013). None of the above costs include those
associated with respondent burden, or the economic value of the time and hassle imposed on the people who take surveys

that generate the data.

Motivations for Public Data Collection

Despite the costs of data collection, if the private returns to data collection and dissemination were sufficiently high,
incentives exist for private entrepreneurs to supply information. Thus, motivations for the collection of public data require

an assessment of the “market failures” that prohibit the private provision of data at a socially optimal level.

A public good is defined as one that is non-rival; that is, one person’s consumption of the good does not reduce the quan-
tity available for another person. A public good also is non-excludable; people cannot be prevented from the enjoying
the good. Classic examples of public goods include clean air and national defense. Traditional analysis suggests that the
market is not likely to provide the optimal amount of a public good to meet demand, giving an initial rationale for the

government to provide it (Samuelson, 1954).

The case of information and data, however, is more complex. Even casual observation suggests that many types of data

are, in fact, excludable. Access to Nielsen and IRI (formerly known as Information Resources, Inc.) scanner data on con-
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sumers’ retail purchases, for example, is restricted to those who purchase it and agree to nondisclosure conditions. There
are a number of private companies that provide agricultural situation and outlook information only to paying clientele.
The federal government also collects certain types of data that it partially excludes from full public disclosure. Microdata
from USDA Agricultural Resource Management Survey, for example, are made available only to researchers who have

collaborative agreements with ERS or NASS.

Because access to data and information can be partially excluded but are generally non-rival, data might be classified as
“club goods” (Cornes and Sandler, 1996; Sandler and Tschirhart, 1980). Theory suggests that coordinated “clubs” fund and
provide the goods to members and exclude non-members. Stiglitz (1999) offers a counter-argument that some forms of
knowledge, while excludable in principle, are likely non-excludable in practice. For example, once the data or knowledge
is released, it can be widely distributed without remuneration to the provider, which Stiglitz (1999) argues will reduce the
private incentive to provide knowledge or information. Furthermore, it is difficult to fully extract returns from private

data acquisition efforts (Hirshleifer and Riley, 1992).

Public Data Facilitate Efficient Functioning of Markets

Public information on market prices and quantities help markets quickly reach the point where marginal revenue equals
marginal cost, thereby improving allocative efficiencies. One of the earliest and most robust findings from the field of ex-
perimental economics is that public knowledge of prices is a key factor driving whether a market attains competitive equi-
librium (Davis and Holt, 1993). Market participants often see public sources of data as more objective and credible than
private data. Added credibility gives market participants confidence in using public data as the basis of trade (for example,

as the base in a formula contract) or forecasting, without fear of that the data has been manipulated by the provider.

The greater perceived credibility and accuracy of public data on market prices and quantities can speed market conver-
gence and potentially reduce bid-ask spreads. The difference between what sellers are willing to accept for their commodi-
ties (asks) and buyers are willing to pay (bids) is often interpreted as a measure of liquidity cost, the ability to transact

without delay (Demsetz, 1968). More accurate price expectations by buyers and sellers might reduce liquidity costs.

Irwin (1997) and Freebairn (1976, 1978) argue that public data and associated situation and outlook programs can pro-
vide more accurate price expectations, which improves producer and consumer welfare. Their modeling framework relies
on the classic cobweb model which describes the cyclical price fluctuations that occur when producers must choose the
quantity to supply before they know the price (e.g., a farmer decides how many acres to plant to corn in May before the
price at harvest is known in October). The lag between production and consumption can result in an inefficient market
supplies. Many repeated years of decisions are required for prices and quantities to converge to the Pareto-optimal com-

petitive equilibrium.

The Pareto-optimal outcome will be achieved only when producers’ price expectations are accurate. At that point, the
sum of producer and consumer surplus is maximized. In a simple but illustrative model, Freebairn (1976) showed that the
social welfare loss (i.e., a monetary measure of the cost of misallocating resources) that occurs from these cyclical price
fluctuations is directly related to the squared difference between producers’ expected price and the actual price. If public
price and quantity data improve the accuracy of producers’ price forecasts, then the data increases market efficiency and

improves social welfare (measured by the sum of producer and consumer surplus).

Irwin (1997) pointed out that the welfare benefits from more accurate price expectations arising from the cobweb model
assume that producers have backward-looking (adaptive) expectations; that is, producers look at past prices to derive ex-

pectations of future prices. However, if producers have forward-looking rational expectations (i.e., their expectations are,
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on average, correct), then publicly provided situation and outlook data cannot help alleviate cobweb cyclical price changes

and welfare losses.

Irwin (1997) argued that market frictions, lack of knowledge about structural supply and demand parameters, time spent
learning, and the cost of information can lead to market inefficiencies even if producers have rational price expectations.
For example, it may take some time for producers to learn (for instance, via economic education) about the price sensitiv-
ity of supply and demand. Similarly, it may take time and money for producers to gain accurate price expectations (Stein,
1992a,b). In this context, public data might speed the process of convergence toward the competitive equilibrium and

prevent misallocation of resources.

Whether producers have adaptive or rational price expectations, it is almost certain that many agricultural producers and
processors are risk averse. When uncertainty increases, risk-averse firms will tend to produce less than the competitive
level of output, resulting in a deadweight loss (Newberry and Stiglitz, 1981). Providing accurate price information might
reduce price risk, leading to more competitive outcomes. Processing and marketing firms, which often hold a commodity

for only a short time, also face price risks, and reduced risk would lower marketing margins (Brorsen et al., 1985).

Public data can reduce uncertainty in other ways. Boyer and Brorsen (2013) showed that sellers in an auction environ-
ment benefit from publicly available price data. Boyer and Brorsen (2013) demonstrate that public data reduces price un-
certainty, which leads buyers (meat packers) to reduce bid shading and bid more competitively, thereby benefiting sellers

(or cattle feeders). With less price uncertainty, sellers also benefit by deriving more accurate reservation prices.

Relying on the private sector to provide data may result in lower social welfare for a number of other reasons. First, there
may be various forms of information externalities that lead to less than socially optimal investment in data acquisition
and reporting. For example, Hirshleifer and Riley (1992) discussed a free-riding problem that can occur because an infor-
mation owner cannot fully capitalize on his/her advanced knowledge. By trading on private information, a producer or
firm reveals information to other market participants, and thereby loses some of the information advantage. As a result,

firms will tend to under-invest in information acquisition because its value cannot be fully recouped.

If public data leads to increased market and allocative efficiencies, the result is higher levels of producer and consumer
surplus. If some of these additional surpluses are invested in human and physical capital, research, and education, eco-
nomic growth and prosperity are likely to (eventually) improve. Private companies do not necessarily factor in larger

societal benefits when making decisions to invest in acquiring data.

Similarly, some observers argue that because corporations must meet short-term shareholder expectations and private
firms need to service debt obligations, there may be less incentive to undertake data acquisition when the benefits are
uncertain and will occur in the distant future. In some cases, the government may be able to take a longer-term, risk-
neutral perspective (although, this isn’t always true since governments facing 24-hour news reporting and election cycles
may have even shorter time horizons than firms. Nevertheless, the federal government can borrow for a longer period at

cheaper rates than the private sector).

Relative time horizons can be important because data sources are often valuable only after repeatedly collecting observa-
tions over a period of time. It is only possible to study data trends and time-series after lengthy investments in consistent
data collection and reporting. In this sense, there are inter-temporal complementarities between data releases; a data

released today is more valuable than historical information.

2 Hirshleifer and Riley (1992) also discuss another “speculative effect” which could lead to over-investment in data acquisition by the private sector
and a data surplus. The speculative effect arises if information advantages simply cause zero-sum outcomes, where the gains to “winners” who bet
correctly on market moves equal and offset costs to “losers” who bet incorrectly. Because the trading gains and losses exactly offset in aggregate, any
cost incurred to acquire and analyze data is a social loss.
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It can be difficult to predict when particular data products will provide significant value. For example, USDA reported the
volume of horse exports to Mexico for years with relatively little public interest. After U.S. horse slaughter ended in 2007,

however, the export data became vital input in ascertaining the effects of U.S. policies restricting horse slaughter.

Government agencies may also have advantages over private companies in collecting data because of larger size and the
concomitant economies of scale and scope. There may be other cost advantages as well. As Irwin (1997) put it, “if pro-

ducers believe a government agency collects and disseminates information objectively, then producers may be willing to
freely [divulge] information. A private firm seeking the same information for private gain may have to pay a substantial

premium to producers in order to obtain the information.”

Information Asymmetries as a Motivation for Public Data Collection and Dissemination

Lack of information, or inequitable distribution of information, can lead to moral hazard, adverse selection, wasteful
signaling, imperfect competition, and other welfare-reducing outcomes. One of the most well-known examples is the
“market for lemons” problem in Akerlof (1970). In Akerlof’s original example, used-car sellers have more information
about the quality of a car (whether it has been in an accident, the engine runs well, etc.) than the prospective buyer. The
buyer, unsure of whether the car is a lemon, is at an information disadvantage. In the most extreme case, buyers refuse to
purchase used cars because they fear that sellers are only getting rid of lemons. There ceases to be a market for used cars-

despite the fact that there are buyers and sellers willing to engage in mutually beneficial trade.

Similar adverse selection problems are thought to exist in markets for health and crop insurance - only those individuals
who are sick or likely to experience a crop failure will enroll for insurance, and in the extreme, insurance providers will
fail to insure anyone. Of course, these extreme cases of complete market failure are not always observed in practice. How-
ever, it remains true that some advantageous trades will not occur when information is incomplete.

Many examples of imperfect information relate to the ability of one party to discern important information about the
other party’s “type” (i.e., sick or healthy person; lemon or well-functioning auto). Some USDA programs, such as grades
and standards are designed to partially alleviate some asymmetric information problems. Reports on quality distributions
in the population (e.g., percent of cattle that grade USDA Choice; prices of hogs and cattle by weight and quality) can help
prevent problems associated with the information asymmetries by providing buyers/sellers with more accurate informa-

tion on expected “types”

Information and data may alleviate certain forms of anticompetitive behavior, such as information inequities between rel-
atively large and small market players. Many sectors of the agricultural and food economy have experienced consolidation
and structural change leading to relatively large market participants. Larger firms may have an advantage over smaller,
less informed producers in gaining access to proprietary data. Inequitable or imperfect competitive outcomes may result
if larger players use their knowledge to exploit less-informed producers’ inaccurate price expectations or use their market
size to behave strategically. Kyle (1984) formally modeled this scenario which was discussed by Irwin (1997):

The introduction of public situation and outlook information has two effects. First, there is a direct announce-
ment effect, to the extent that public programs reveal the private information of the informed market partici-
pants to uninformed market participants. Second, there is an indirect effect, because informed participants
incentives change and they are forced to impute more of their private information into prices. Both effects cause
the market to become more competitive. Social benefits occur because the imperfectly competitive equilibrium

converges towards the perfectly competitive equilibrium.

Public data can, therefore, be viewed as a type of subsidy for limited-resource producers that has the potential to increase

social welfare by leading to more competitive outcomes.
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Public Data Informs the Policy and Program Formation, Operation and Evaluation Processes

Public data play an important role in agricultural policy research. In this sense, provision public data acts as a subsidy for
government, University, and private researchers. Government agricultural data facilitates research, and spreads the costs
of the data collection over many more research projects and outputs than if individual researchers funded their own data

collection efforts.

Almost 70% of the empirical policy-related articles published in the American Journal of Agricultural Economics in 2011
and 2012 relied on public sources of data — almost always USDA data. Even research articles that primarily relied on pri-
vate data sources often utilized USDA data products to complement the analysis and provide more credible estimates. The
empirical papers that did not utilize public data were based on author-generated primary data from surveys or economic
experiments. Even in these cases, many of the authors indirectly alluded to USDA data sources in framing the survey or
experiment context and design. Without public data sources to evaluate policy alternatives, it is more likely that inefficient

or unproductive policies would be enacted, resulting in misallocation of resources and a reduction in societal well-being.

USDA data is used to facilitate and evaluate operation of Federal agricultural programs, such as commodity support or
trade measures. For example, legislation may require that commodities are subsidized when market prices are below a

mandated threshold. Crop price data are critical to determining support levels when prices fall below the threshold.
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Economic Theory Provides the Foundation for Assessing the Value of
Information

Welfare-economics provides one framework to assess the value of data. Consumer surplus is a measure of the benefits

of a good or service to consumers and is estimated as the difference between the maximum a consumer would be will-
ing to pay for a good and what they actually pay, summed across all consumers in the market. Benefits to producers are
measured by producer surplus, which is the difference between a producer’s cost of providing a good and the price they
receive when it is sold, summed across all the producers in the market. The sum of producer and consumer surplus is the

measure of social welfare provided by the market.

We can illustrate the concepts of consumer and producer surplus by starting with a simple, hypothetical market for data
or information (Figure 2). We'll assume that information and data are provided privately. The curve given by Q_ is the
supply curve showing the quantity of data that would be supplied at different prices, and the line Q, is the demand curve
showing how much consumers will buy at different prices. In competitive equilibrium, volume Q,will sell at a price P,
Consumer surplus is given by the area below the demand curve and above the price, or the triangle P_, e, P,. Producer
surplus is given by the area below price and above the supply curve, or the triangle P, e, P, Thus, total welfare is repre-
sented by the triangle P_, e, P,. The value of the data could be empirically measured using the slopes of the supply and

demand curves.

Figure 2. Hypothetical market for data illustrates concepts of consumer and producer surplus

Price;.s,
Pu

Because public data are available at no cost, there is no true “supply curve” as in Figure 2. In this case, the price is zero and
consumers will “consume” or utilize Q, “units” of data (assuming away the costs associated with use of time and other re-
sources to interpret the data). Consumer surplus is the larger triangle P_, Q, P,. Assuming each consumer only uses one

“unit” of data, this area is simply an aggregation of each consumer’s maximum willingness- to-pay (WTP). This suggests
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that the demand-side value of information can be ascertained by eliciting users’ WTPs and aggregating (or by taking the
average WTP and multiplying by the number of users, Q,). The value of information is the most that consumers would be

willing to pay for information prior to making a decision.

Although public data is free, there are costs for collecting and disseminating the data. The net value of a data product
must be determined by taking the aggregate WTP, or the area P_, Q , P, and subtracting the cost of providing the data, C.
If aggregate consumer WTP is greater than C, the data passes a cost-benefit test; if aggregate WTP is less than C, the data
product fails.

One of the benefits of determining the value of information using the WTP conceptual framework is that it gets directly
at the statistic of interest—the cost-benefit ratio. Unfortunately, it can be difficult to empirically determine the value of
the ratio because often there is not a well-functioning market for information, which makes it difficult to identify the
slope and position of the demand curve. However, the value of information can be ascertained indirectly by exploring how

information affects people’s behavior in another related market.

The Value of Information Is Related to Responses to Information

Foster and Just (1989) provide a conceptual foundation to determine the value of information that can be applied to data
products. In their framework, the value is determined by comparing choices people make when better informed (and the
utility they derive from those choices) to choices consumers make without information. Foster and Just (1989) conceptu-
alize the value of information (which is negative one times the cost of ignorance) by imagining the welfare loss if consum-
ers were constrained to make the same choices as they did prior to receiving information, despite now knowing more.
Although the Foster and Just concept may seem difficult to measure, it is actually relatively straightforward given knowl-

edge of how an industry’s (e.g., corn, soybeans, asparagus) supply and demand curves are affected by information.

Figure 3 (adapted from Mazzocchi et al. (2004)) illustrates a hypothetical example of providing information on the corn
market. The figure illustrates the (Hicksian) demand for corn among all corn buyers (e.g., elevators, processors, etc.).
Prior to dissemination of the information, demand for corn is given by the curve Q,, and a total quantity of corn, Q, is

bought at a price P .

Suppose the quality or underlying market conditions (such as the price/quantity of a substitute product) change. If buyers
are perfectly informed, they would reduce demand, as shown by the curve Q_, The area a, b, ¢, e represents the conven-

tional full-information welfare loss, the compensating variation (CV).

Foster and Just (1989) ask what would happen if consumers were uninformed of the change in quality or underlying
market conditions. Consumers would continue to make purchasing decisions based on the demand curve Q_ when, in
fact, their well-being will be determined by the demand curve Q,, When consumers realize the truth (or the facts about
the true state of nature), they will wish they had made purchasing decisions using the demand curve Q, rather than Q,
In the absence of full information, the welfare losses will be much larger than CV. Consumers not only reduce demand for
corn, but uninformed consumers are making “incorrect” decisions relative to what they would make had they been better

informed.

To determine the cost of these “incorrect” decisions, Foster and Just (1989) estimated the resulting welfare losses when
an informed consumer is forced to purchase the same amount as an uninformed consumer. Foster and Just (1989) asked
what price would induce an informed consumer (who has the demand curve Q, ) to buy the same quantity as the unin-
formed consumer, Q,. This virtual price is given by P in Figure 3. Knowing this “quantity equivalent” price difference, P
- P, the value of information can be ascertained. The cost of ignorance (COI) is given by the triangle c, d, e. The value of

providing information to consumers is -1*COL
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Figure 3. The effect of information in the corn market on buyer demand and the value of information

Source: Adapted from Mazzocchi et al. (2004)

Figure 3 shows an inward shift in demand. However, the Foster and Just (1989) approach is completely general and can
be applied to many other scenarios, such as when demand shifts outward, or the supply curve (rather than the demand
curve) shifts. Leggett (2002) extended the Foster and Just (1989) approach to the discrete-choice, random-utility frame-
work. Leggett highlighted the fact that the value of information also can be conceptualized as the difference between the
choices people make under imperfect information and the actual utility once a choice is made; Leggett’s (2002) applica-

tion to the discrete choice framework is entirely consistent with Foster and Just (1989).

It is also possible to conceptualize the value of information in a probabilistic, expected utility or Bayesian framework. For

example, Babcock (1990, p. 63) described the value of information as:

Typically, the value of information to an individual producer is calculated as the difference between expected
returns (or utility) using the information and expected returns without the information, with both expectations
taken with respect to the more informed distribution. The aggregate value of information is the sum of the indi-

viduals’ values. Both the individual and the aggregate value of information are nonnegative using this approach.

Using the Foster and Just or expected utility approach, the value of information to an individual is nonnegative. Babcock
(1990) points out that it is possible, in certain circumstances, for more accurate information (weather information in this
context) to affect the market equilibrium and change price and production decisions in a way that ultimately harms pro-

ducers (see also Lave, 1963). As Babcock (1990, p. 71) put it: “The definitional truism that information is welfare increas-
ing presumes no external effects from the use of information. One source of possible external effect is from prices.” These
results suggest the need to consider the more general equilibrium-type effects of information in addition to the partial

effects given by a simple comparison of static aggregate WTP to costs.
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Figure 3 shows that the value of information is tied to the size of the shift caused by providing information. In this frame-
work, if data and information do not change behavior, there is no COI (this framework does not consider the psychologi-
cal benefits when information helps people “sleep better at night.”). This behavioral change must be interpreted broadly.
Even if the release of data does not change behavior in the corn market, it would still be valuable if it shifts supply/de-

mand for soy, wheat, cattle, etc.

In Foster and Justs conceptual model, data or information are valuable only to the extent that they change behavior. In
Figure 3, the COI occurs only for individuals who would have consumed the good regardless of whether they had infor-
mation (those with WTP values above the price P ). There was no COI (or value of information) because these individuals
would have continued to consume corn even without the information. The Foster and Just (1998) approach shows that it

is the ability of information to change behavior that conveys value.

Experimental consumer studies such as Rousu et al. (2007) also show that behavioral change is a key signal of the value

of information. Rousu et al. studied the effect of biotechnology information on consumer food choices. Building on the
Foster and Just (1989) framework, Rousu et al calculates the value of information by identifying “switchers” - people who
responded to new information by changing the product they purchased. The value of information is determined by the
number of people who switched products, which again reinforces the notion that behavioral change is a signal of the value

of information.

The one caveat is that additional information may convey some psychological benefits even if people do not change
behavior. For example, the well-known Ellsberg paradox (Epstein, 1999) demonstrates that people are averse to ambigu-
ity or uncertainty. Surveys of bull buyers found that even when changes in a given quality characteristic (e.g., marbling
score) had minimal effect on a buyers’ value for the bull, absent or missing information resulted in a significant discount
(Vestal et al., 2013). New information also might be used to update Bayesian priors, which might lead to future behavioral
changes. Using only data on producer/consumer responses to new information may underestimate the value of informa-
tion. The psychological benefits of resolving uncertainty are likely only to be observed in WTP estimates obtained in

preference surveys.
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Little Research Exists on the Net Benefits and Costs of Providing Agricultural Data

In reviewing the last 100 years of research on agricultural markets, Myers, Sexton, and Tomek (2010, p.391), asserted that,
“It is widely believed that more and better information about agricultural market outcomes has benefits and that there is
a role for public provision of such information due to the public-good nature of information. But little rigorous research

exists on the returns to investment in agricultural market information?”

The existing evidence focuses primarily on the value or benefits of information, without any reference to the cost of col-
lection and dissemination. Nevertheless, there are a variety of approaches that can or have been used to (partially) assess
the value of USDA data products.

Direct Measures Based on Structural Models

Structural estimates of supply and demand (often elasticities of supply and demand) provide one approach to value im-
proved accuracy of USDA data products. Ironically, these estimates are based on historical USDA data and a conceptual

model of how better data improves welfare.

Hayami and Peterson (1972) is one of the only studies that compare the costs of data collection to an estimate of the
benefits. They used two approaches to value improvements in the accuracy of USDA price and production information.
The first relies on an “inventory adjustment model,” which assumes that supply is perfectly inelastic (i.e., crop production
is essentially predetermined after planting). Improved information, however, can lead to more accurate decisions about
the value of returns to storage. Inaccurate information might result in over- or under-storage relative to what the true

competitive equilibrium would indicate as socially optimal.

The second approach is a “production adjustment model” In that framework, better information leads producers to more
accurately choose a quantity of production that corresponds to the competitive equilibrium. Over- or under-production
because of inaccurate information leads to welfare losses, such as those described in the earlier discussion of the cobweb

model.

Hayami and Peterson (1972) estimated substantial benefits that exceed the costs of improving the accuracy of USDA
statistics. They found that, given the costs of data collection at the time of their study: “each extra dollar invested in in-
creasing the accuracy of statistics from the 2.5 to the 2.0 level of error returns more than $600 worth of benefit to society.
And increasing the level of accuracy from 2.0 to 1.5 percent error produces $90 to $100 of benefit for each extra dollar
invested” These estimates correspond to the value of improved information but do not relate to the total value of data. As
Hayami and Peterson (1972) discuss (p. 124), the answer to that question will depend on the relative sizes of the elastici-

ties of supply and demand, and whether the “stability” conditions hold in their cobweb- type model.

Other researchers investigated the value of improved accuracy of USDA price and quantity forecasts. Bradford and
Kelejian (1978) studied the value of more precise wheat crop forecasts, which led to better storage decisions. Bradford and

Kelejian found that perfectly accurate wheat supply information would be worth $64 million to market participants.

Freebairn (1976) analyzed the value of Australian public agricultural price forecasts in terms of improving expectations,
and found that price forecasts reduced social welfare losses by an amount approximately equal to 1% of the gross value
of production. Antonovitz and Roe (1986) studied the value of improved price forecasts to fed cattle producers using
an expected utility framework. They estimated the value of adopting a rational expectations price forecast (presumably
provided by the USDA). They found that (p. 722), “The mean expected bimonthly value of information for the 1970-80
period was $.21 per hundredweight (cwt) of production or, in total value terms, a mean of approximately $13.3 million

per bimonth.”
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The advantage of the previous approaches is that they provide a direct estimate of the value of information that can (in
principle) be compared to costs. Moreover, they are based on structural models of supply and demand, firmly grounding
the estimated value of information as a welfare measure derived from economic theory. Downsides of this approach can
include: 1) it may not be accurate to assume that market participants (and the analysts) know the structural parameters of
the model (which is highly dubious in the absence of public data); 2) benefit estimates are often associated with improved
accuracy of information rather than the total value of a data product; 3) such approaches often fail to consider the effects
of private data sources or futures market prices on the accuracy of producers’ expectations; 4) the approaches may under-
estimate the full value of information because they do not consider the benefits from improved research, education, and
public policy advice; and 5) the aforementioned studies are somewhat dated and there have been significant changes in

the costs of collecting, analyzing, and disseminating information both in the public and private sectors.

Indirect Measures based on Market Response to Information

One of the key indicators of the value of information is evidence that the behavior of market participants changes when
information is released. There is a large body of literature related to the response of futures market prices to the release of
various USDA reports. If a market is efficient, then market prices should reflect all available information (Fama, 1970).

If the release of a data product causes prices to change, the information is considered valuable “news” to market partici-

pants.

The typical study of this construct compares the futures price of a commodity immediately following a report’s release to
a projected estimate in the absence of the information (for example, the price observed just prior to the report’s release).
The report contains new information if a difference between the expected and realized price is consistently observed after
areport is released. Because daily price changes are referred to as a “return,” unanticipated information causes an “ab-
normal return.” For example, Figure 4 shows estimated daily returns to Chicago Board of Trade (CBOT) soybean futures

prices immediately before and after the release of the WASDE report.

Figure 4. Release of WASDE report affects daily CBOT returns for soybean futures prices
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Source: Adjemian (2012)
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A large number of studies have conducted market-reaction tests, primarily related to USDA situations reports such as the
Crop Reports, the Hogs and Pigs Report, and the Cattle on Feed Report. Irwin (1997) reviewed 30 studies and concluded
that, “The uniformity of findings of price reaction studies is remarkable, given the variety of sample periods and proce-
dures used. With only a few exceptions, studies find a significant market price reaction to the release of USDA situation
reports. These results strongly suggest, at least on a gross basis, that USDA situation reports generate substantial social
welfare benefits” Thirteen years later, Myers, Sexton, and Tomek (2010) concurred , “Research suggests that publicly pro-
vided market information and forecasts can move markets and have economic value” However, they also pointed out that

relatively little is known about costs and as such, “the returns to such investments remain controversial.”

Isengildina-Massa (2013) summarized studies on the effects of USDA reports on futures market prices (Table 2). Al-
though the studies show that some reports fail to move the markets for some commodities, Table 2 illustrates a pattern
consistent with the conclusions of Irwin (1997) and Myers, Sexton, and Tomek (2010) that markets respond to USDA

reports.

Because market-reaction tests are relatively straightforward and easily understood even by non-experts, they provide an
advantage in determining the value of USDA data. However, there are a number of downsides to market reaction tests,
which include: 1) estimates of the value of information are suggestive and indirect; they fail to provide a benefit measure
that can be compared with costs; 2) existing studies have primarily investigated the effects of the major USDA data prod-
ucts and have not provided information on those concerning commodities with smaller aggregate values of production; 3)
in the absence of a futures market (or daily price information) for the commodity of interest, market-reaction tests are of
limited use; 4) the approach may underestimate the full value of information because it does not consider the benefits of

improved research, education, and public policy advice.

From Farm Income to Food Consumption: Valuing USDA Data Products

15



16

Table 2. Summary of Studies Shows Market Impacts of USDA Reports "
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1/“Yes” indicates that the report had a statistically significant effect on the commodity price ; a “no” indicates the opposite.
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Direct Measures Based on Stated Preference Surveys

Preference surveys allow producers (or consumers) to state directly what they are willing to pay for a data product. The
method has been used extensively to value environmental and natural resources and has been increasingly applied to food

marketing and health economics issues.

There are a wide variety of approaches to questioning users. Dichotomous choice contingent valuation, for example, asks
people yes/no questions about whether they would pay a given price (typically an extra tax) for a particular good. In
choice experiments, respondents answer several repeated choice questions about which set of attributes or characteristics
of a product or outcome they prefer (Champ, Boyle and Brown, 2003; Louviere, Hensher, and Swait, 2000). Researchers
often determine average willingness-to-pay by finding the price or tax that makes the representative respondent indiffer-

ent to having and not-having the product.

Stated preference survey methods have not been widely applied to estimate the value of USDA data products. However,
there is no inherent reason why the methods could not be used in this context. In fact, a number of stated preference
studies have been conducted to estimate the value that producers or consumers place on information-type services. For
example, Clifford, Hoban, and Whitehead (2001) surveyed households in North Carolina to determine the value of the
state’s agricultural research and extension programs to citizens. They estimated aggregate values of between $200 and $400

million for food production programs and between $250 and almost $700 million for water quality programs.

Kenkel and Norris (1995) surveyed Oklahoma producers to determine their WTP for publically provided real-time
weather information; they found only modest value. Zapata et al. (2013) studied agricultural producers’ WTP for the in-
formation and data provided by the service, MarketMaker. They surveyed 1,400 producers in seven states (15.7% of whom

responded to the survey) and found that producers were willing to pay an average of $47/year for access to MarketMaker.

Stated preference surveys can directly value the good of interest (information) so that aggregate benefits can be compared
with total costs. The surveys also can include a wide variety of market participants and can incorporate non-market,

social, and psychological values.

The disadvantages of stated preference surveys are that: 1) research shows that the WTP values are sensitive to how the
questions are asked (Champ, Boyle and Brown, 2003); 2) there may be hypothetical bias —people tend to substantially
overstate their WTP in hypothetical surveys (Murphy et al., 2005; see discussion in Lusk and Shogren, 2007); 3) respon-
dents may answer WTP questions strategically if surveys are poorly designed (Carson and Groves, 2007); 4) the WTP
values will be sensitive to who is asked to value the product; 5) it can be difficult to identify all uses and users of data; and
6) the average respondent may not be knowledgeable enough to value USDA data sources (e.g., producers may not realize
that advice from their Extension agents and crop consultants is based on USDA data); 7) the benefits that producers or

consumers derive may be indirect and less than transparent to the recipients.

Indirect Measures Based on Surveys

The challenges cited for WTP approaches-- hypothetical bias, sensitivity to questioning format, etc.--might make it more ad-
vantageous to compare the relative value of different information sources rather than derive cardinal measure of WTP. Stud-
ies by Pruitt et al. (2012, 2013) used a “best-worst” analysis, in which survey respondents were shown a set of data sources
and asked which are most and least useful (or valuable or costly). Data from repeated answers allow ranking of each data
source on a ratio-scale of measurement of “importance” or “value” Pruitt et al. (2012, 2013) conducted a survey of Extension
agents and another with agribusiness professionals and market analysts. Table 3 (Tonsor 2013) illustrates the results from a

survey of about 3,000 individuals listed in the National Association of County Agricultural Agents (about 18.5% responded).
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Table 3. Surveys of Extension agents show relative rankings of 13 USDA reports

Report Crop Livestock Other
Agents Agents Agents

Source: Tonsor (2013)

The results are stated on a zero-sum 100 point scale. All types of Extension agents, but particularly crop Extension agents,
ranked the Crop Progress Report as the most valuable USDA report. The Cattle on Feed Report ranked second among live-
stock Extension agents, while it was the Grain Stocks Report for crop Extension agents. The Chickens and Eggs Report and
the Broiler Hatchery Report were the least valuable. Among crop Extension agents, the Crop Progress was perceived as 189
times (56.7/0.3) more valuable than the Chickens and Eggs Report.

The survey was replicated among market analysts and/or agribusiness professionals. Pruitt et al. (2012, 2013) obtained ap-
proximately 470 email addresses from a list of recent attendees at a national agricultural outlook conference (about 21.8%
responded). The results largely agree with the survey of Extension agents. The Cattle on Feed Report, the Crop Progress Re-
port, and the Grain Stocks Report were regarded as valuable. The Hogs and Pigs Report was relatively more valuable among
market analysts and/or agribusiness professionals than responding Extension agents. The Broiler Hatchery Report and the

Chicken and Egg Report were relatively less valued among both user samples.

The advantages of indirect stated preference surveys are that they force respondents to make tradeoffs and indicate the
relative value of different data sources. The survey approach also recognizes that ordinal preference is likely to be more
reliable than cardinal estimates of WTP.

The indirect preference method has many of the same disadvantages of the direct stated preference approach, including:
1) rankings might be sensitive to how the questions are asked; 2) there is little incentive for respondents to truthfully or
carefully answer hypothetical survey questions; 3) the rankings depend on who is asked to value the data products; and 4)
the average consumer or producer may not be knowledgeable enough to value USDA data sources (e.g., producers may

not realize that advice from Extension agents and crop consultants is based on USDA data).
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Indirect Measures Based on Revealed Behavior

The number of online downloads (or e-views) associated with a data product or the secondary citations of a data prod-
ucts’ use as measured by LexisNexis or Google Trends can be valuable tools in inferring the relative value of different data

sources.

Google Trends automatically sets the value of the highest search volume observed over a specified time period at 100, but
it is still possible to compare relative interest in different data products among Google search users. In Figure 5, the red
line is associated with the search term “WASDE”, the blue line with “Cattle on Feed,” and the yellow line with “Hogs and
Pigs” The letters correspond to different news headlines that link to online news stories. Internet users clearly searched
more often for WASDE reports than the Cattle on Feed Report or the Hogs and Pigs Report.

Figure 5. Google Trends data show users search more for WASDE reports than commodity reports

Interest over time

Tha number 100 represents the peak search inlerest v News headines Forscast

Source: http://www.google.com/trends/. Accessed and created it on June 5, 2013.

KEY: M Cattle on Feed Ml WASDE W Hogs and Pigs. Letters correspond to different news headlines that link to online news stories.

The key advantage of revealed preference behavior is that it reflects actual user behavior that likely correlates with the
value of information. Revealed preference behavior data, however, are indirect measures of the value of information and
cannot be compared with costs. Furthermore, indirect measures based on web statistics do not capture the value of data
to people who obtain their information from secondary sources, such as Extension agents, crop consultants or other web
sites that report USDA data (often without attribution).

Experiments and Market Tests

Private companies that develop new products often conduct preliminary market tests to determine consumer acceptance
prior to a full product roll-out. Although stated preference studies can provide some indication of product success, par-
ticularly the relatively desirability of different products, often there is no way to know if a product will fail or succeed until

after it is on the market.

Researchers have developed a variety of experimental economic methods to estimate the value of non-market products in
a setting involving the exchange of real money and real products (see Lusk and Shogren 2007). Lusk and Shogren discuss
the use of non-hypothetical experimental auctions, for example, to value used cars and the farm financial records of agri-

cultural producers.
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By strategically changing the price of a data product (e.g., by adding a user-fee), it is possible to use “market test” concepts
to estimate the elasticity of demand for information, and thus determine aggregate WTP (i.e., the area under the informa-

tion demand curve) for a data product.

Survey and econometric approaches often lack a clear comparison of a treatment (with data) to a control (without).
Experimental approaches can be strategically designed to analyze choices made prior to and after providing information,
which can be used to derive a measure of the value of information. Experimental economic approaches can also be used
to test and “test bed” effects different policy options (Plott, 1994; 1997). Anderson et al. (1998) and Bastian et al. (2001,
2007) include agricultural examples of such experiments applied to the value of information.

Experiment and market-test approaches can provide a direct, monetary measure of the value of information to compare
against costs. The derived value of information, however, reflects only market participants and may not reveal the value to
society. In addition, political and practical difficulties in conducting public-sector market tests often limit the usefulness

of the approach.

Framework for Prioritizing Data Products

It is not easy to prioritize public data products and it is unlikely that any approach used to do so will be unassailable.

However, it is possible to derive some general principals for prioritizing data products using eight questions.

The questions are framed so that stronger agreement is associated with a higher value for the data product. The questions
are not mutually exclusive and strongly agreeing with one may imply the same response to another. Answering the eight
questions for each data product provides a framework for making more informed and subjective judgments about the

relative merits of competing data products. The order of the questions does not reflect importance.

1. Is the data product unique with few substitutes? Would substitutes become available if the
data product were eliminated?

Data products with few existing private or public substitutes are likely to be more valuable. A private substitute
would undermine some of the justification for public good data collection. Private substitutes that give producers
access to information to reduce uncertainty, for example, would likely dampen the adverse effects of eliminating

a public data product. Conversely, the lack of private data would increase the value of a public data product.

Examples of existing sources of private data include futures market information, DTN-Progressive Farmer cash
prices indices and posted bids for commodities such as corn, wheat, and soybeans. Although commodity price
information is often available by exploring bids/asks in existing markets, the same is not true of production vol-

ume. It is likely that there are fewer substitutes for supply or quantity of production than price data.

The absence of private data does not imply that new private data products will fail to emerge following elimina-
tion of a public data product. Some industries are able to coordinate and fund data collection efforts by member
assessments or check-oft type funds. CattleFax, for example, is member-owned and funded by cattle producers.
Industries with pre-existing associations and networks and a smaller number of participants who share common
interests are more likely to be able to coordinate private data collection than large, diverse industries with few

existing networks.

There may be other public substitutes for particular public data products. Redundancies with other sources of

public data are likely to lessen the value of any particular data product.
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2. Would eliminating a public data product create inequities or asymmetric information?

Many large agribusinesses, such as ADM, Bunge, Cargill, or Louis Dreyfus, collect and maintain private propri-
etary data on agricultural commodity supply and demand. When other market participants are less informed,
this proprietary information can be used to redistribute profits by exploiting arbitrage opportunities. Although
aggressive competition between a few large market actors can result in competitive prices at an aggregate level,
this may not be true of every private transaction involving individual producers. Public data sources can homog-
enize expectations and provide smaller market actors with information on “fair” prices and the most profitable
acreage allocations. Public data products are likely more valuable if they reduce information asymmetries and

inequitable bargaining positions between small producers and proprietary data holders.

3. Is there a large number of users of the data product? Does the data product relate to a
commodity representing a significant value of production?

In conventional cost-benefit analysis, researchers can estimate the total benefits of a project or product by mul-
tiplying the average person’s WTP by the number of people affected. Holding all else constant, the more people
affected, the greater the data product value. Even when a small number of people derive significant value from a

data product, the aggregate value may still be relatively small.

Industry size is not the sole determinant of the total benefits derived from a data product. According to the

U.S. Census of Agriculture, there were 798,290 farms with cattle and calves worth over $61 billion in 2007. In
contrast, there were only 2,605 farms growing asparagus in 2007. Even if the average asparagus farmer valued
the commodity data more than the average cattle producer, the average WTP for data is more than 306 times
(798,290/2,605) higher for asparagus farmers than cattle producers. The number of people benefiting from
information on a particular commodity may not perfectly correlate with the number of producers. Consumers,
processors, and others also may benefit from information, and ideally their willingness-to-pay would be factored
into data product comparisons. The value of a data product also may be reflected in other ways, such as im-

proved market efficiencies, that are not completely captured in WTP.

4. Is the data product critical to the missions of other federal or state agencies?

Because USDA is responsible for implementing, monitoring and enforcing a host of regulations and Congressio-
nal mandates, it is necessary to collect public data related to these efforts. For example, implementing farm pro-
grams such as direct payments, deficiency payments, and crop insurance payments requires data on commodity
prices, farm size and plantings. Various types of dairy industry data are necessary for determining Federal milk

pricing formulas.

State Agricultural Experiment Stations (SAES’s) receive Federal Hatch Act funds annually for agricultural re-
search. Hatch Act funds are allocated based, in part, on a state’s farm population, which is determined by public
data collection efforts. ERS relies on data from NASS, AMS, and other agencies to derive statistics on per capita
food consumption, changes in farm productivity and food expenditures, and to develop price forecasts used

by the OCE and the Food and Nutrition Service. A data product’s value is higher when the data is critical to an

agency fulfilling its mandates.

From Farm Income to Food Consumption: Valuing USDA Data Products



22

5. Is the data product necessary for policy advice and evaluation?

Public agencies such as the OCE and ERS, University researchers and others provide advice and assessments
about the costs and consequences of existing and proposed policies. Public sources of data on market sizes, sup-
ply and demand responsiveness, and industry practices, for example, are frequently used to predict the effects of
policy changes. Data that are critical to providing policy advice and evaluations are highly valued. In addition,
certain data products are considered principle economic indicators, and are used as a bellwether for overall eco-

nomic conditions or to presage future changes in agricultural markets.

6. Is the data used by industry for functions critical for well-functioning markets to facilitate

trade?

Market participants often use public data, particularly price information, to facilitate trade. For example, a num-
ber of the dairy futures markets (including milk, butter, and cheese) with the CME? are cash settled using the
USDA monthly weighted average prices. A future’s market has to “settle” on some price when a contract expires.
For some markets, this settlement price is a USDA reported price. Contract formula prices may be structured
so that the “base” price is determined by some regional or national average of farm, wholesale, or retail prices

reported by the USDA. The use of a data product by industry to facilitate trade is evidence of the report’s value.

7. Do market participants respond significantly to the release of the data product?

The value of data can be partially ascertained by examining the extent to which market participants respond to
releases of the information. When cash or futures prices or trading volume change in response to new and valu-
able information, it is evidence of the value of a new release. Researchers have studied market responses to many

USDA data products. The research provides insight into the relative value of data products.

8. Is the data product inexpensive to produce?

3

Users may highly value a data product but it might be an inefficient use of resources if the costs of acquiring the
data are high. In contrast, even if the data product has a relatively low value, it may be efficient to continue it if
the marginal cost of collection is low. Holding all else equal, a data product will produce higher net-value the

more inexpensive it is to collect and produce.

CME Group Inc. Formerly known as the Chicago Mercantile Exchange.
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Simple Approach Can Be Used to Make Quantitative Assessments for
Ranking Multiple Data Products

It is difficult to compare the relative value of data products because each has its own strengths and weaknesses, as well as
benefits and costs. As a result, multiple conflicting criteria must be evaluated to decide which data product to maintain,
add or eliminate. The voluminous literature in decision sciences and operations research about “multi-criteria decision-
making” contains numerous approaches that can be applied to make a single decision based on multiple criteria. Exam-

ples include goal programming, multiple-objective linear programming, and analytic hierarchy processes.

A simple three-step approach has been used extensively in marketing literature to determine consumers’ values for differ-
ent products (e.g., Srinivasan and Park, 1997; Srinivasan and deMaCarty, 1999).

Step 1: Table 4 shows the eight questions previously discussed. Decision-maker(s) assign weights to each question based
on relative importance. The weights (designated as w1, w2, etc. in Table 4) must total 100 points. Any perceived over-laps
between issues or criteria, should be considered when assigning weights. It is possible to derive weights using surveys or

other methods of stakeholder input.

Step 2: The decision-maker(s) rates each data product according to the criteria, giving a rating of 100 if the data product
scores as high as possible on the criteria of interest and a 0 if the data product scores as low as possible. Intermediary val-
ues between 0 and 100 (A1, A2, A3, etc. in Table 4) are assigned based on the extent to which the data product fulfills the
criteria of interest. To help assure an unbiased process, different decision-makers than in step 1should assign the ratings.

Repeat the second step for each data product being evaluated and compared.

Step 3: Summing the weighted ratings provides a score for each data product. For hypothetical data product A, a score is
computed by multiplying the weight for the first criteria (w1) by the rating for product A on criteria 1 (A1). The process is

repeated (w2 *A2, etc) for each criteria. A higher score means the data product is more preferable or valuable.

Table 5 gives a hypothetical example (the numbers assigned are for illustrative purposes and are not meant to reflect sub-
jective judgments about the relative merits of the eight issues or criteria). In the example, the weight for the criteria “few
substitutes” is 5. “Elimination creates inequities or asymmetric information” has a weight of 8. The sum of all the weights

equals 100.

Because hypothetical data product A has few substitutes, that criteria has the highest possible rating of 100. Product A
received the lowest possible rating “used by other agencies to implement programs.” All other issues were rated 50. Hy-
pothetical data product B was similar to A except the reversal of scores for “few substitutes” and “used by other agencies
to implement programs.” The score for product A is: (5¥100+8*50+13*50+19%0+9*50+16*50+10%50+20*50)/100=43. The
score for product B is: (5*0+8*50+13*50+19%100+9*50+16*50+10*50 +20*50)/100=57. Product B scores higher on the

relatively more important issue. According to this framework, product B has higher priority (value) than product A.

Although this quantitative scoring system is easy to use and flexible, it may not correspond with rankings based on the
sum of producer and consumer surplus (Alston, Norton, and Pardey, 1995). However, as the questions illustrate, data
products are often desirable or are required for reasons that do not relate to the sum of producer and consumer surplus.
The criteria scoring approach provides one mechanism (admittedly imperfect) for reconciling disparate motivations for

public data.
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Table 4. Decision-makers assign weights to criteria to facilitate data product comparisons

Issue or Criteria Issue weight Rating for ...
Data Product A Data Product B
1 | Few substitutes wl Al Bl
2 | Elimination creates inequities or asymmetric info. w2 A2 B2
3 | Used by a large number of people with high value w2 A3 B3
4 | Used by other agencies to implement programs w4 A4 B4
5 | Necessary for policy advice and evaluation w5 A5 B5
6 | Used by industry to facilitate trade w6 A6 B6
7 | Market participants respond to new releases w7 A7 B7
8 | Inexpensive to collect and disseminate w8 A8 B8
wl+w2+.. +w8
=100
ScoreA = ScoreB =
Score for data product (WI*AT+wW2*¥A2+... | (WI*B1+w2*B2+...
+w8*A8)/100 +w8*B8)/100

Table 5. Hypothetical example shows how assigning weights and ratings according to selected criteria can help decision-

makers prioritize data products

Issue or Criteria Issue weight Rating for ...
Data Product A Data Product B
1 | Few substitutes 5 100 0
2 | Elimination creates inequities or asymmetric info. 8 50 50
3 | Used by a large number of people with high value 13 50 50
4 | Used by other agencies to implement programs 19 0 100
5 | Necessary for policy advice and evaluation 9 50 50
6 | Used by industry to facilitate trade 16 50 50
7 | Market participants respond to new releases 10 50 50
8 | Inexpensive to collect and disseminate 20 50 50
100
Score for data product 43 57
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Recommendations

Given the need to economize in the face of tightening budgets and the conceptual and practical considerations discussed

in this report, we are proffering a number of recommendations.

Fund Research on the Value of USDA Data Information

The research priority should be assessing data collection for commodities with relatively low values of produc-
tion. Tables 2 and 3 show that research efforts have primarily focused on WASDE, Crop Production, Cattle on
Feed and other reports for the total agricultural sector and large industries. These reports are not likely to be
eliminated because of budget cuts. In contrast, there is far less research on the merits of reports associated with
relatively-low valued and understudied commodities. Prioritization and resource allocation decisions would be
improved with better information on the value of those data products that are vulnerable to being lost due to

budget constraints.

Another strategy for expanding knowledge on the value of information is to focus research efforts on methods
beyond the indirect value measures that are provided on studies that show how markets respond to information
releases. Hayami and Peterson (1972) found that the cost of research on the value of and prioritization of data is

likely to be small relative to the opportunity costs of reaching a sub-optimal decision.
Consider altering, rather than eliminating existing data products.

Isengildina-Massa’s (2013) research summary suggests that the value of information releases vary over the cal-
endar year. Agricultural producers, for example, cannot easily adjust output once planting decisions have been
made. Price or supply forecasts are likely to have less value to producers after planting (although they may have
value to speculators and those making storage decisions). Because the marginal costs of data collection and dis-
semination each periodic release may not be large, reducing the frequency of releases may result in cost savings

without a significant loss in value.
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Similarly, it may not be optimal economically to have the same level of sampling error for all data products.
Data acquisition costs are related to sample size, survey length, survey mode (i.e., mail, phone, or internet), and
desired response rate. Hayami and Peterson (1972) demonstrate that the value of data increases with estimate
precision. However, the data collection costs also rise as precision increases (sampling error decreases at an

increasing rate with sample size). In short, there is a tradeoff between precision, value of information, and cost.

It might be possible to obtain information about prospective plantings, yield, and output using techniques other
than the traditional survey approaches. For example, satellite imaging or other remote sensing can provide infor-
mation on crop plantings and yield (e.g., Labus et al., 2002). Specially designed prediction markets (also called
betting markets or idea markets) can be used to derive estimates of the information contained in commodity
reports (Gallardo, Brorsen, and Lusk, 2010).

Improved computing and networking capabilities have significantly reduced the costs of data collection. Online
data collection, for example, costs far less than in-person, phone, or mail surveys; however, there is an increased
risk of greater coverage error (i.e., every person in the population of interest does not have an equal chance of

being selected into the sample frame).

Similarly, political polling organizations rely on less expensive automated telephone interviews, also known as
“robocalling” or “robopolling” rather than traditional survey methods. Survey techniques should evolve with less

expensive technologies but also because of changes in the way the target sample communicates (Couper, 2011)

Understanding the accuracy and cost-savings associated with alternative approaches requires further study.
Available options include laboratory and field experiments on the effects of information on producers and con-

sumers, market-tests, and renewed application of structural models.

Decision-makers need to know the relative importance of competing priorities associated with public data

products in order to determine funding priorities.

Weighing the merits of collecting data in one area at the expense of other information is fraught with questions.
Is it, for example, more important to provide data for the policy process than to eliminate information asymme-

tries and inequities? Are there other priorities that need to be considered?

These questions have no definitive answer, and yet they are precisely the issues at play when a decision is made to
cut one data product and retain another. As such, there is likely some value in being transparent and forthright
in the priorities driving the decisions made by federal agencies, particularly if the decisions affect a broad base of

stakeholders. Such data would be necessary to implement the approach in Table 4.
Flow-charts showing how data products are used within and across federal agencies would be useful

Given the structure of the federal government, an agency tasked with collecting particular data, whether it is the
Census Bureau, NASS, AMS, or the Department of Commerce, often does not know how other agencies use the
data to fulfill their mission. Since there is no mechanism to distribute costs of data collection across agencies
based on use, a better understanding of the interconnectedness of data products and the relative use within and

across federal agencies would provide a more complete picture of the data’s value.
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Appendix A

Seminar on the Value of USDA Data Products

Organized by the Council on Food, Agricultural and Resource Economics (C-FARE)
Location: Patriot’s Plaza (355 E Street, SW, Washington, DC 20024-3221)
Date: May 16, 2013, 9am-4pm

Agenda

Welcome and Introductions by Project Director
Jayson Lusk, Oklahoma State University
Welcome, Introduction, and Motivation for Project by USDA
Joe Glauber, USDA-OCE
Cynthia Clark, USDA-NASS
Mary Bohman, USDA-ERS
An Overview of Approaches to Valuing Data and Information
Jayson Lusk, Oklahoma State University
Conceptual Basis for Valuing Information
Barrett Kirwan, University of Illinois
Results from Surveys on Value and Uses of USDA Data Products by Industry and Academia
Glynn Tonsor, Kansas State University
Break
Value of Information Through the Effects of USDA Reports on Markets
Olga Isengildina, University of Texas — Arlington
Reactions and feedback to previous presentations
Joseph Prusacki, USDA-NASS
Roger Cryan, USDA-AMS
Mike Adjemian, USDA-ERS
Lunch
Public comment period from stakeholders
Value and Uses of USDA Data Products by Industry and Academia
Steve Meyer, Paragon Economics
Public and Private Value of Price Reporting with a Focus on Mandatory Price Reporting
Clem Ward, Oklahoma State University
Value of USDA Information on Planting, Storage, and Arbitrage
Matt Roberts, The Ohio State University
Reactions and Feedback to Previous Presentations
Erik Dohlman, USDA-ERS
Mark Jekanowski, USDA-ERS
Warren Preston, USDA-AMS
Final questions and closing comments
Jayson Lusk, Oklahoma State University
Adjourn
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Appendix B

Written Comments from Stakeholders

Appendix B1 - United Soybean Board

The United Soybean Board (USB) is pleased to submit comments for the Council on Food, Agricultural, and Resource
Economics (C-FARE) initiative to elucidate the value of United States Department of Agriculture (USDA) data.

The 69 farmers who serve on the USB board of directors oversee the investments of the soy checkoft to maximize profit
opportunities for all U.S. soybean farmers. These volunteers invest and leverage checkoff funds to increase the value of
U.S. soy meal and oil, to ensure U.S. soybean farmers and their customers have the freedom and infrastructure to operate,
and to meet the needs of U.S. soy’s customers. As stipulated in the federal Soybean Promotion, Research and Consumer

Information Act, the USDA Agricultural Marketing Service has oversight responsibilities for USB and the soy checkoft.

USDA commodity statistics play a critical role in several USB programs that seek to maximize profit opportunities for all
U.S. soybean farmers. Specifically, the Census of Agriculture, Farm and Ranch Irrigation Survey, Agricultural Resource
Management Survey (ARMS), National Resources Inventory, Crop Production Annual Summary, Farm Income and Costs
Report, Commodity Costs and Returns, Farm Business and Household Survey, and Agricultural Chemical Usage Report,
are frequently leveraged by USB programs that work to maintain or expand market access for U.S. soybeans in domestic

and international markets that utilize sustainability criteria in purchasing decisions.

Background

Over the past several years, many domestic and international markets for U.S. soybeans have implemented sustainability
criteria in purchasing decisions. These criteria are loosely defined, but frequently include elements such as energy used,
irrigation water used, or greenhouse gases (GHGs) emitted to produce a unit of soybeans. The criteria may also include
measurements of productivity, soil quality, soil erosion, or biodiversity impacts. Customers consider these criteria when

deciding where to source soybeans.

In addition to market-driven initiatives related to sustainability criteria in purchasing, governments in key U.S. soybean
markets also have started to implement sustainability criteria. The European Union’s Renewable Energy Directive and

Japan’s carbon footprint labeling system are two examples of regulatory measures that include sustainability criteria.

USB has funded significant research on the sustainability performance of the U.S. soybean crop to maintain and expand
access for U.S. soybeans in markets that demand sustainability information. In most cases, the sustainability performance
of the crop is measured on a national aggregate (e.g., U.S. soybeans) instead of on an individual farm or field basis. USDA
commodity statistics and reports are the most credible and reliable sources of raw data to determine the aggregate sustain-

ability performance of the U.S. soybean crop.

Impact of USDA Commodity Statistics and Reports on U.S. Soybean Market Access

USB’s ongoing ability to access up-to-date statistics about U.S. soybeans is vital to determining the crop’s sustainability
performance, and then using this information to maintain or expand access in markets where sustainability criteria are
utilized. USDA’s reports utilize farm and industry surveys, observations, and analysis of other data streams to report
valuable information such as nutrient and chemical application, fuel use, yield, irrigation water use, land use, manage-

ment systems, costs of production, and conservation program enrollments that are used in determining sustainability
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performance. USDA’s data collection methods are broader and more cost-effective than USB could accomplish on its own,

enabling the checkofl’s sustainability-related programs to remain effective and efficient.

Many U.S. soybean customers view USDAs commodity statistics as accurate and credible, based on the agency’s high stan-
dards for professionalism and data quality. This, too, is a value proposition that USB would not be able to accomplish on

its own.

The comprehensiveness, cost-effectiveness and credibility of USDA’s commodity statistics and reports are the main
reasons why USB values USDA information for its sustainability-related projects. USDA’s efforts enable USB to report
accurate, current and statistically significant information regarding the sustainability performance of U.S. soybeans. USB
updates this information regularly, to provide customers with the information they need to make informed decisions
about where to source their soybeans. As a result, customers, industry partners and allied organizations have recognized
USB’s leadership in reporting sustainability performance, and the sustainability of the U.S. soybean crop is considered
competitive or superior to competing products. These results would not be possible without USDAs commodity statistics

and reports.

If access to or frequency of the above mentioned USDA reports were to be reduced or eliminated, it would significantly
inhibit the effectiveness of USB’s programs to maintain or expand access in markets using sustainability criteria. For
example, reduced frequency could lead to data gaps in calculating the sustainability performance of U.S. soybeans, includ-
ing missing or incomplete metrics that customers request, or fewer years covered by the data. Such gaps could negatively

impact a preference for U.S. soybeans in certain markets.
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Additional Uses of USDA Statistics Related to Sustainability

The support provided to U.S. soybean market access is one measure of the value of USDA’ reports. A second measure is

the wide range of organizations and alliances that utilize the same data for similar purposes.

For example, groups such as American Farm Bureau Federation, American Soybean Association, Field to Market, In-
novation Center for U.S. Dairy, National Alfalfa and Forage Alliance, National Association of Wheat Growers, National
Corn Growers Associations, National Cotton Council of America, National Potato Council, USA Rice Federation and U.S.
Farmers and Ranchers Alliance, all utilize USDA commodity statistics and reports for measuring and reporting vari-

ous sustainability-related metrics. While each of these groups faces different market dynamics related to sustainability,

the common driver in all efforts is to address customer concerns over the sustainability performance of U.S. crops and

livestock.

Potential Enhancements of USDA Data

While USDA commodity statistics and reports currently provide significant value to USB for its sustainability-related
projects, there are opportunities for the collection or analyses of data to be enhanced to provide greater value. First, the
frequency of data collection and reporting could be enhanced. Many customers of U.S. soybeans seek annual updates of
soybean sustainability performance, and currently not all relevant USDA commodity statistics and reports are updated
annually. Second, the resolution of data collection and reporting could be enhanced. As the discussion about sustain-
ability criteria matures and becomes more sophisticated, some customers are looking for sustainability performance data
within smaller boundaries - states, crop reporting districts or even counties — and placing less emphasis on national data.
While some USDA commodity statistics and reports do provide information at these more detailed resolutions, it is not

uniform across all relevant reports.

Conclusion

USB’s 69 farmer-leaders believe there is potential to maximize profit opportunities for U.S. soybean producers by provid-
ing accurate, current and statistically significant sustainability performance data to domestic and international markets.
USDA’s commodity statistics and reports are currently the most comprehensive, cost-effective and credible source of raw
data for calculating the sustainability performance of the U.S. soybean crop, and as such provide significant value to all

U.S. soybean producers.
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Appendix B2 - Joint Statement Regarding the Pesticide Data Program

May 20, 2013

The Honorable Robert Aderholt

Chairman

Subcommittee on Agriculture, Rurzal Development, Food and Drug Administration, and Related Agencies
2362-A Rayburn House Office Building

Washington, DC 20515

The Honorable Sam Farr

Ranking Member

Subcommittee on Agriculture, Rural Development, Food and Drug Administration, and Related Agencies
2362-A Rayburn House Office Building

Washington, DC 20515

Dear Chairman Aderholt and Ranking Member Farr:

We urge the continued support for the Pesticide Data Program (PDP) within the USDA’s Agricultural
Marketing Service. The PDP provides essential components of the data required under the Food Quality
Protection Act (FOPA). We support the President’s budget request for the PDP in Fiscal Year 2014 at
$15.347 million. During this time of constrained federal government resources, we appreciate the value
and importance of ensuring that adequate resources are allocated to this program.

We are concerned that the actual amount of funds directly available for PDP activities has been
significantly eroded because of agency-wide and department-wide overhead charges, which are not
directly related to the conduct of PDP responsibilities. Additionally, we are concerned that the declining
funding for PDP has caused reductions in the numbers of crops sampled due to termination of the
program in some states. Further reductions create potential negative impacts on the program’s
statistical rigor possibly making the data no longer usable by EPA for its important evaluation of
pesticides.

Our stakeholder organizations and consumers reap several benefits from this program. Ouwr safe food
supply relies on using data to shape sound science based policy decisions and bolster consumer
confidence that the foods we consume are safe. Year after year the PDP report has concluded that
more than $8% of all foods sampled have either no pesticide residues or are well within tolerance levels
set by EPA. The PDP program fulfills FOPA requirements for residue data, which supports EPA Office of
Pesticide Program registrations through refined dietary exposure assessment. Without a refined
assessment of the dietary exposure via PDP data, fewer crop uses per active ingredient could ultimately
be approved, potentially limiting the availability of crop protection technologies for minor crops.

We also write in support of the National Agricultural Statistics Service’s Chemical Use Survey program.
We urge the Committee to provide adequate funds for the NASS Agricultural Estimates Program to
ensure adequate resources are available to support the Chemical Use Survey program. Since FY 2011,
available resources for the program have fallen by 48% -- disproportionate to the reduction in funds
available to the agency overzll. The pesticide use survey is credible, factual information that serves
agriculture and is significant to all stakeholders — growers, government, and industry. As with residue
data from the PDP, the NASS Chemical Use Survey data are essential for accurate risk assessments
conducted by EPA, to enable approval of essential uses of crop protection products.
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Thank you for your attention and support on these important issues. Together we must continue our
work in protecting and promoting our roles in providing an affordable and abundant food supply. In
order to help us to produce enough food, fuel and fiber for a growing world through innovative practices
and growing techniques, ensuring that unbiased, accurate data is available to decision-makers is vital.

These two programs are invaluable sources of information.
Sincerely,

Agricultural Retailers Association

Croplife America

National Association of State Departments of Agriculture
National Council of Farmer Cooperatives

National Farmers Union

National Potato Council

Northwest Horticultural Council

United Fresh Produce Association

USApple Association

Weed Science Society of America

CC:

Mr. Edward Avalos, Undersecretary for Marketing and Regulatory Programs
Anne Alonzo, Administrator, Agricultural Marketing Service

Dr. Catherine Wotecki, Under Secretary for Research, Education and Economics

Dr. Cynthia Clark, Administrator, NASS
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Appendix B3 — Union of Concerned Scientists

‘ Union of Concerned Scientists

Ciizers and Scentsts for Endronmental Soutiors
Jume 3, 2013

Tamara Wagester

Executive Diector

Th& Counal oo Food Agriculnmal & Rssource Economacs (C-FARE)
900 Second Soest. NE

Suite 205

Washingran DC 20002

Be: C-FARE request for irpur 1o elucidats the value of USDA dam
Dear Ms. Wagester:

O behalf of the Unton of Concerned Scientsts (UCS), we are plsased to submit comments in responss to
the seminar hosted by the Council ob Food. Agriculnural and Resowce Economics (C-FARE) to ehucidase
the value of data collected by the US. Depanmert of Agriculrure (USDA). UCS pus riporous.
indepepdart scispce to wark o solve our planer's most presdng problems Teiming with citizens scroas the
counay, we combine techmical analysis and effectve advocacy to create moovative. practical solutions
dor a healtry, safe. and sustaizable fotore The mission of owr Food and Emvironment program is to
wansform U S. agriculmuss to 3 bealthisr, mose sustamable enterprice. Such work i cnnically informad by
data collected in the public domamm such as thar dscussed here

Impact of USDA Data on Market Activity

We begin by addressivg C-FARE's St sample quastion. which is the effect of USDA dom on market
actviry. Data oo prices and quanrines providas valuahls mformanion for farmers, lendars, ressarchers. and
the public about market conditions. The public collsction and disseminstion of dam for many markets is
essential, as marker data is pot publically mapsouined for many agriculnwal commodities. For example,

. : Tovm SraiTia Sopare « Comieldge, we CIO3B40S « Fou BOLBATAEED « cant STLSSLGa05

34 A Siresd MW, Saile Sad o Winhinglor, m JBO0SA3N < P ILIIAEE - dee) SO0 IIREES
| a0 Saluh Averion, St 208 - Serhaley, oo BETGREED - Fai SR RgR BT - sanr 410848 1785
: v Pt Ll Ubtwontt, Sl suing - Dobomghon, o Solics 4084 - te SILAMLAILS - i §raiilafs
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market price transparency provided by private commeodity exchanges only exists for a handful of

Properly assessing the value of USDA market data requires identifying the charactenstics that distinzwish
food production from other private markets. The United States government does not collect and publish
market data for many pnvate sectors, nor should it. Fust, farmung 15 a diffuse sector, and providmg
market data conveys information that promotes competitive market conditions. Second, producing healthy
food at affordable pnices 15 a necessary requirement for the sustenance of the population, which mphes
food markets are fundamentally more cnfical for owr society than other types of consumer products.
Lastly, famung practices can generate large environmental externalities, and quantfying the mmpact and
the effectiveness of more sustainable farming practices 15 needed for mmprovements to occuwr. While
histoneally agnculture focused primanly on production. m recent decades the need for agnculture to use
scarce resources such as water more efficiently and reduce 1ts mpacts on biodiversity and water quality

have been widely recogmzed by the science commumty and policy makers.

There 15 generally a need for better tracking of fammg practices involved with sustainability such as
conservation fillage (no-till and other practices). the use of cover crops, and longer crops rotations. In this
regard, additional USDA market data collection efforts would be valuable, particularly for markets for
farmers using sustainable practices. For example, the Federal Milk Marketing Order does not report data
on the orgame milk market to the same level of detail as they do for conventional mulk Currently, the
only organic-related data published are the volumes of organic milk sold as flmd milk. It would also be
valuzble to publish the volumes of orgamic mulk used in manufactured mmlk products and sold as

conventional mulk as no reliable estimate of these fizures exast.

Use of USDA Data by Government Agencies
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C-FARE’s second sample question for valuing USDA data addresses the role by which USDA data are
used by government agencies. One government agency that depends critically on market data 15 USDA's
Rizk Management Agency (RMA), due to the requirement that crop inswrance policies that they authorize
be actuanally sound RMA’s crop insurance program provides critical nsk management for farms since
crop inswrance 15 not offered by prvate markets m the U.S. at scale, and crop mswrance policies can be
used as collateral for an operating loan. This latter point implies farmers wath crop msurance can obtain
financing on better terms, and thus be more profitable.

However, USDA’s crop insurance program 15 onented towards a handful of comumodity crops that are
already extensively subsidized. Many farmers, mcluding those on integrated farms with both crops and
livestock and those growing a vanety of fnuts and vegetables throughout the growmg season. do not have
access to any type of crop insurance policy. There 15 a catchall policy designed for these farms—
“Adjusted Gross Revenue” mswance—although it 15 only available in certain geograplic regions and
incurs higher transachon costs than other policies. In addition. many farmers using sustainable practices
are not able to inswre their production at market value While RMA has made important progress by
developmg mswrance pnicing options for a handful of organic crops, many organic crop farmers can only
insure their crops at conventional market prices. This 15 problematic since lenders wall still recognize their
higher production costs, and thus can increase collateral requirements if the farmer can’t insure thew crops
at their market value. Simlarly, the Dawry Cattle Livestock Gross Margin insurance policy 15 based off

comventional malk and feed prices, thus posing significant basis nsk for organic dawry farms.

Improving the effectiveness of the existing crop insurance policies could help the wiability of farmers
producing food that 15 underconsumed relative to dietary guidelines, which m twm can contrbute towards
improved public health. In addition, using sustainable farmung practices can contmbute to improved
emvironmental outcomes, while undertaking diversified, nsk-mutigating famung practices reduces

taxpaver subsidies relative to crop-specific polictes. USDA data from vanous agencies, such as the
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Agncultoral Marketing Service (AMS) and National Agncultwal Statistics Service (MNASS), could be

utlized by RMA to rectify these exasting shortcomings in the crop msurance program.

Other govermnment agencies would also benefit from better data about organic and local food markets,
include plamners, funders, and economic development orgamzations throughout the country. Policy
decisions would be better informed with an mmproved understanding of the economuic mmpacts of these
markets, the effectiveness of government programs in fostening their development. and credit conditions.
A provision for such an mhiative—the “Study on Local Food Production and Program Evaluahon™—was

included in the Senate version of the 2013 Farm Bill

Use of USDA Data in Academic Research and Public Reports

C-FARE's third sample category was the role by which USDA data 15 used by researchers. Although the
phrasmg of the question had an academic emphasis, here we also 1dentify ways by which this data would
convey public benefits. In particular, USDA data collection on pesticide use 1s of enitical importance. Two
1ssues in particular—the treatment of seeds with pesticides and the use of pesticides by genetically
engmeered (GE) crops relative to non-GE crops—are prionties where more information on pesticide use
would be valuable. Available mformation from experts suggests that the large majonty of com seed 1=
now ftreated with neonicotinoid insecticides and fungzicides. Seed from other major crops, such as
soybeans, are also often treated. These constitute major pesticide uses that do not seem to be measured by
USDA. These data would be particularly useful to the Environmental Protection Agency in its evahuation
of the nsks and benefits of these pesticides. With regard to transgenic crops, understanding potential

changes m pesticide use by GE crops would inform USDA s regulatory process for these crops.

A second category where greater data collechon would be valuable for research 15 wath regard to the
composition of crops. Compilng and reporting data from disparate countries to create a land-use database

of acreage of pastwre and vanous crop sectors 15 extremely mportant. The sustamable use of land 15 one
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of the most pressing problems that we confront as a society and developing a central repository for such
information would improve scholarship on this topic. Also, developmng a time-senes of orgamic crop
y1elds and other mformation about organic farms. such as the age and expenence of organic farmers, soil
charactenstics, and market mformation. would allow researchers to compare their relative productivity

and profitability with conventional cropping practices over time.

In summary. USDA data collection efforts can provide considerzble public benefit that justfies the
investment and expense that data collechion mewrs. This relates to how USDA data mfluences market
activity, how the data 15 used by other government agencies. and how the data improves acadenuc
scholarship. We further identify prionity areas where additional data collection efforts would be

beneficial

Thank you for your considerstion of owr comments. Please let us know if we can provide any further
clanty.

Sincerely

Jeffrey O'Hara
Agncultural Economist. Food and Environment Program

Kranti Mulik
Senior Economast, Food and Environment Program

Doug Gunan-Sherman
Senior Scientist, Food and Environment Program
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Appendix C

Appendix C1 - Agricultural Marketing Service (AMS) Market News Data Products

Conventional Items Reported by AMS Market News in 2012

Cotton and Tobacco

Tobacco

Cotton Cotton Seed

Cotton Varieties Planted Bales of Cotton Produced
Cotton Price Coverage Southeast

North Delta South Delta

East Texas Oklahoma West Texas

Desert Southwest San Joaquin Valley
American Pima Textile Mills

Cotton Quality Coverage Alabama

Arizona Arkansas

California Florida

Georgia Kansas

Louisiana Mississippi

Missouri New Mexico

North Carolina Oklahoma

South Carolina Tennessee

Texas Virginia
Dairy

Class IT Cream Class II Fluid Cream
Class IT Condensed Skim Class III Condensed Skim
Evaporated Milk Cold Storage (Butter and Cheese)
Blue Gorgonzola

Parmesan Provolone

Romano Sardo Romano
Reggianito Jarlsberg

Swiss Cuts (Switzerland)

Swiss Cuts (Finnish)

Cheddar 40 Pound Block

Cheddar Cheese 500 Pound Barrels

Cheddar 10 Pound Cuts

Monterey Jack 10 Pound

Processed 5 Pound Sliced

Processed 5 Pound Loaf

Grade A Swiss Cuts 10-14 Pounds

Muenster

Grade A Swiss Cuts 6-9 Pounds

Processed American 5-Pound Loaf

Brick/Muester 5 Pound

Blue 5 Pound

Mozzarella 5-6 Pound

Butter (80% Butterfat)

Butter (82% Butterfat)

Butter Oil (99% Butterfat)

Whole Milk Powder

Skim Milk Powder

Sweet Whey

Casein (Rennet)

Casein (Acid)

Nonfat Dry Milk (Low, Medium, High Heat)
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Dry Buttermilk Dry Whey Powder (Food and Feed)

Whey Protein Concentrate Lactose

Non-Flavored Whole Milk Non-Flavored Reduced Fat Milk

Non-Flavored Low Fat (1%) Milk Non-Flavored Nonfat (Skim) Milk

Flavored Milk Cheese — Natural Varieties
Greek Yogurt Yogurt (non-Greek)
Butter Cream Cheese
Sour Cream Cottage Cheese
Egg Nog Ice Cream
Fruit and Vegetable
Acacia Acidanthera Aconitum
Agapanthus Agrostemma Alchemilla
Aloe Leaves Alfalfa Sprouts Allium
Almonds Alstroemeria Amaranthus
Amaryllis Ammobium Ananas
Anemone Anise Anthurium
Apples - 28 varieties Apple Cider Apple Juice Concentrate
Apple Pears Apple for Processing Apricots - 8 varieties
Arrow Root Arrowhead Arugula
Artemisia Artichokes - 2 types Arum
Asclepias Asparagus - 2 types Astartea
Aster Astilbe Atriplex
Avocados - 6 varieties Baby Red Romaine Bamboo Shoots
Bananas - 2 types Banksia Basil - 2 varieties
Batatas Bay Leaves Bean Sprouts
Beans - 7 types Beets - 3 types Bells of Ireland
Bibb Bird of Paradise Bitter Orange
Bittermelon Bittersweet Black Currants
Blackberries Blood Orange Blueberries
Bok Choy Borage Boronia
Boston Bouquets (Mixed and Rose) Bouvardia
Boysenberries Brazil Nuts Breadfruit
Broccoli - 2 types Brodiaea Brussels Sprouts
Buddleia Bupleurum Cabbage - 3 types
Cactus Leaf Cactus Pears Calabaza
Calendula Calla Camelia
Campanula Candyturf Canistel
Cantaloupes - 2 varieties Cape Gooseberries Carambola
Caraway Cardoon Carnations
Carrots - 3 types Casaba Cashews

Cattails Cauliflower - 4 types Celeriac (celery root)
Celery Celosia Centaurea
Chamaedorea Chamomile Charantais
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Chayote Chelone Cherimoya
Cherries - 9 varieties Chervil Chestnuts
Chinese Artichoke Chinese Cabbage Chinese Celery
Chinese Chives Chives Choy Sum
Chrysanthemum Cilantro Cipolinos
Cirsium Citron Clementines
Clivia Cocktail Grapefruit Coconuts
Columbine Copperbeech Coreopsis

Corn Stalks Cornflower Corn, sweet - 4 types
Cosmos Cranberries Craspedia
Crenshaw Crocosmia Cucumbers - 3 types
Curcuma Curry Leaves Daffodil

Dahlia Daikon Daisies

Dasheen Dates Dau Mue
Delphinium Dill Diosma

Donqua Dragon Fruit (Red Pitaya) Dry Eschallot
Durian Echinacea Echinops

Echium Edible Flowers Eggplant - 2 types
Endive Epasote Eremurus
Eriostemon Eryngium Escarole

Eucharis Eupatorium Euphorbia

Feijoa Fenugreek Feverfew
Fiddlehead Figs Filberts
Forget-Me-Not Forsythia Foxglove

Freesia Frisee Fritallaria

Fruits, other - 5 types Gai Choy Gaillardia

Gailon Galanga Galia

Gandules Garbanzo Beans Gardenia

Garlic - 4 types Gaya Genista

Gentiana Gerbera Ginger

Ginger root Gladiola Gloriosa

Gobo Godetia Gomphrena
Gooseberries Grapefruit- 7 varieties Grapes - 17 varieties

Grapes Raisin

Grape-Black Juice

Grape-Mixed Juice

Grape-White Juice Green Leaf Green Oak Leaf
Greens - 7 types Guava Gypsophila

Gypsy Hami Heather

Helenium Heliconia Heliopsis

Hoja Santa HomelyFruit Honey

Honeydews Horseradish

Hyacinth Hydrangea Hypericum

Tlex Iris (Dutch and Other Types) Ixia

Ixodia Jackfruit Jerusalem Artichokes
Jicama Josta Berries Juan Canary
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Jujube Kangaroo Paw K-Early

Killian Dairy King Kiwano
Kiwifruit Kniphofia Korean
Kumquats Kunzea Larspur
Lavateria Lavender Leatherleaf

Lee Lemon Grass Lemons
Leptospermum Lettuce (Processed) Lettuce - Iceberg
Lettuce - Other - 6 types Lettuce - Romaine Leucadendron
Leucospermum Liatris Lilac

Lilies Lily-Of-The-Valley Limequat

Limes Linkok Lisianthus

Lo Bok Lobelia Loganberries
Lolla Rossa Long Beans Longan

Loquat Lotus Lotus Root
Lupine Lychee Lysimachia
Macadamia Mache Magnolia
Maguey Malanga Malva

Mamey Sapote Mangoes - 7 varieties Mangosteen
Marigold Marjoram Mayan

Melogold Mesculin Mix Meyer Lemon
Mint Misc. Berries - 2 types Misc. Christmas Items
Misc. Citrus - 6 types Misc. Fall Items Misc. Greens
Misc. Melons Mixed Deciduous Mixed Nuts
Mixed Vegetables Mizuna Moap

Mombin Moo Moqua

Muscari Mushrooms - 6 types Nagaimo
Narcissus Nectarberries Nectarines - 2 types
Nerine Nigella Okra

Olallie Berries Olives Ong Choy

Onions - Dry - 5 types

Onions - Green

Onions — Processed

Opo

Orange Flesh

Oranges - 8 varieties

Orchid - Cymbidium

Orchid - Dendrobium

Orchid - Other

Oregano

Ornamental Corn

Ornamental Gourds

Oro Blanco Ortanique Osceola

Others Page Papalo

Papaya Parsley - 2 types Parsnips

Passion Fruit Peaches - 5 types Peanuts

Pears - 16 varieties Peas - Green and Other Pecans

Peony Pepicha Pepino
Pepperberry Peppers, bell type - 10 varieties Peppers - 6 varieties
Persian Persimmons - 2 varieties Phlox

Physalis Physostegia Piel De Sapo

Pieris Pine Nuts Pineapples
Pistachios Plantains Plums - 24 varieties
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Pomegranates - 3 varieties

Pompons

Poppy

Potatoes - 12 types

Potatoes — Chipper

Potatoes — Seed

Potted Plants Protea Prunes

Pummelo Pumpkins - 3 types Queen Anne’s Lace
Quenapas Quince Radicchio

Radish Sprouts Radishes - 2 types Rambutan
Ranunculus Raspberries Recao

Red Boston Red Currants Red Leaf

Red Oak Leaf Rhododendron Rhubarb

Rice Flower

Rose — Garden and Tea Hybrids

Rose — Sweetheart

Rosemary Roses Royal Mandarin
Ruby Romaine Rudbeckia Russian Red Mustard
Rutabagas Saftlower Sage

Salicornia Salsify Salvia
Sandersonia Santa Claus Saponaria

Sapote Sarracenia Satsuma

Savory Scabiosa Scholtzia

Scilla Sedum Shallots

Sharlyn Sinqua Skimmia
Snapdragons Snowberry Slidago

Solidaster Sorrel Sour Orange
Spanish Spinach Spiraea

Sprite Squash - 19 types Star of Bethlehem
Statice Stephanotis Stock

Straw Bales Strawberries Strawflowers
Sugarcane Sunflower Sweet Lime

Sweet Pea Sweet Potatoes - 7 types Sweet William
Tamarillo Tamarindo Tangelos - 2 varieties
Tangerines - 10 varieties Taro Tarro Leaf

Taro Shoots Tarragon Tatsoi

Tayberries Tejocote Telopia

Temples Temptations Tepeguaje
Thermopsis Thryptomene Thyme

Tindora Tomatillos Tomatoes - 4 types

Tomatoes, cherry - 4 varieties

Tomatoes, grape

Tomatoes, plum

Trachelium Trachymene Tuberose
Tulbaghia Tulips Tumeric
Turnips Tweedia Uglifruit
Upland/winter cress Vegetables, other - 3 types Verdulaga
Veronica Viburnum Viola
Violets Viscaria Walnuts
Water Chestnuts Water Lilies Watercress
Watermelons - 6 types/varieties Watermelons, seedless Watonia
Waxflower White Currant Wysteria
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Yampi Yams Yarrow
Yellow Flesh Melon Yellow Pitaya Yo Choy
Yuca Zinnia

Livestock, Poultry, and Grain

Young Chicken Whole Young Chicken Parts
Young Chicken Production Turkeys Whole

Turkeys Production Poultry Slaughter Chicken
Poultry Slaughter Turkeys Shell Eggs Flocks

Shell Eggs Production Shell Eggs Brown

Shell Eggs Extra Large Shell Eggs Large

Slaughter Cattle (Steers, Heifers, Cows, Bulls) Feeder Cattle

Replacement Cattle

Slaughter Swine (Barrows, Gilts, Sows, Boars)

Feeder Pigs

Slaughter Sheep (Lambs and Ewes)

Feeder Lambs

Replacement Sheep Stocks

Wool and Pelts Boxed Beef

Boxed and Carcass Lamb Imported Boxed Lamb
Wholesale Pork Beef and Pork Variety Meats
Veal (Live and Carcass) Goats

Beef By-Products for Pharmaceutical Use

Pork By-Products for Pharmaceutical Use

Tallow

Lard

Bone Meal

Blood Meal

Cattle Hides

Bison (Live and Meat)

Grass-Fed Beef

Replacement Dairy Cattle

International Livestock, Meat, & Poultry Trade

Grain Exports

Corn - Food Yellow

Corn - Feed Yellow

Corn Oil

Ethanol

Ethanol Co-Products

Distillers Grains

Soybeans - Food Grade

Soybeans - Feed Grade

Soybeans — Meal

Soybeans — Roasted

Soybean Oil - Crude

Soybean Oil - Refined

Oats — Feed Grade

Barley — Feed Grade

Brown Flax - Food Grade

Brown Flax - Feed Grade

Golden Flax - Food Grade

Golden Flax - Food Grade

Wheat — Food Grade HRS

Wheat — Feed Grade HRS

Wheat — Food Grade HWS

Wheat — Feed Grade HWS

Wheat - Food Grade SRW

Wheat - Feed Grade SRW

Wheat - Food Grade HRW

Wheat — Feed Grade HRW

Wheat — Food Grade SWW

Wheat — Feed Grade SWW

Wheat - Food Grade HWW

Wheat — Feed Grade HWW

Wheat - Food Grade Durum

Wheat - Feed Grade Durum

Rye - Food Grade

Rye — Feed Grade

Sorghum

Edible Beans and Lentils

Field Peas — Feed Grade

Straw
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Alfalfa - Supreme

Alfalfa - Good

Alfalfa - Fair

Alfalfa - Utility

Grass Hay - Premium

Grass Hay - Good

Grass Hay - Fair

Oleic Sunflowers

Rice Grain By-Products
New Crop Feed Corn New Crop Feed Soybean
New Crop Food Soybean New Crop Feed Hard Red Winter
New Crop Feed Barley
Organic Items Reported by AMS Market News in 2012
Cotton

Organic Cotton

Organic Cotton Seed

Organic Cotton Varieties Planted

Bales of Organic Cotton Produced

Dairy

Organic Non-Flavored Whole Milk

Organic Non-Flavored Reduced Fat Milk

Organic Non-Flavored Low Fat (1%) Milk

Organic Non-Flavored Nonfat (Skim) Milk

Organic Flavored Milk Organic Cheese — Natural Varieties
Organic Greek Yogurt Organic Yogurt (non-Greek)
Organic Butter Organic Cream Cheese

Organic Sour Cream

Organic Cottage Cheese

Organic Egg Nog Organic Ice Cream
Fruit and Vegetable

Aloe Leaves Anise Apples - 28 varieties
Apricots - 8 varieties Arugula Artichokes - 2 types

Asparagus - 2 types

Avocados - 6 varieties

Bananas - 2 types

Basil - 2 varieties

Bay Leaves

Beans - 7 types

Beets - 3 types

Blueberries

Bok Choy

Broccoli - 2 types

Brussels Sprouts

Cabbage - 3 types

Cantaloupes - 2 varieties

Carrots - 3 types

Cauliflower - 4 types

Celeriac (celery root) Celery Cherries - 9 varieties
Chervil Chestnuts Chinese Cabbage
Chives Cilantro Cipolinos
Clementines Coconuts Corn, sweet - 4 types
Cranberries Cucumbers - 3 types Daikon

Dill Dragon Fruit (Red Pitaya) Eggplant - 2 types
Endive Escarole Fruits, other - 5 types

Garlic - 4 types

Ginger root

Grapefruit- 7 varieties

Grapes - 17 varieties

Greens - 7 types

Honeydews

Lemons Lettuce, iceberg Lettuce, other - 6 types
Lettuce, romaine Limes Mangoes - 7 varieties
Marjoram Mint Misc. Berries - 2 types

Misc. citrus - 6 types

Misc. melons

Mushrooms - 6 types

Nectarines - 2 types

Onions, dry - 5 types

Onions, green
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Oranges - 8 varieties

Oregano

Papaya

Parsley - 2 types

Parsnips

Peaches - 5 types

Pears - 16 varieties

Peas, green - 3 types

Peppers, bell type - 10 varieties

Peppers, other - 6 varieties

Persimmons - 2 varieties

Pineapples

Pistachios

Plantains

Plums - 24 varieties

Pomegranates - 3 varieties

Potatoes - 12 types

Pumpkins - 3 types

Radishes - 2 types Raspberries Rhubarb

Rosemary Rutabagas Sage

Shallots Savory Sorrel

Spinach Squash - 19 types Strawberries

Sweet Potatoes - 7 types Tangelos - 2 varieties Tangerines - 10 varieties
Tarragon Temples Thyme

Tomatillos Tomatoes - 4 types Tomatoes, cherry - 4 varieties
Tomatoes, grape Tomatoes, plum - 4 varieties Turnips

Upland/winter cress Vegetables, other - 3 types Watercress

Watermelons - 6 varieties

Watermelons, seedless

Livestock, Poultry, and Grain

Organic Young Chicken Whole

Organic Young Chicken Parts

Organic Young Chicken Production

Organic Turkeys Whole

Organic Turkeys Production

Organic Shell Eggs Flocks

Organic Shell Eggs Production

Organic Shell Eggs Brown

Organic Shell Eggs Extra Large

Organic Shell Eggs Large

Organic Corn - Food Yellow

Organic Corn - Feed Yellow

Organic Soybeans - Food Grade

Organic Soybeans - Feed Grade

Organic Soybeans — Meal

Organic Soybeans — Roasted

Organic Soybean Oil - Crude

Organic Soybean Oil - Refined

Organic Oats — Feed Grade

Organic Barley - Feed Grade

Organic Brown Flax - Food Grade

Organic Brown Flax - Feed Grade

Organic Golden Flax - Food Grade

Organic Golden Flax - Food Grade

Organic Wheat - Food Grade HRS

Organic Wheat - Feed Grade HRS

Organic Wheat - Food Grade HWS

Organic Wheat - Feed Grade HWS

Organic Wheat - Food Grade SRW

Organic Wheat - Feed Grade SRW

Organic Wheat - Food Grade HRW

Organic Wheat - Feed Grade HRW

Organic Wheat - Food Grade SWW

Organic Wheat - Feed Grade SWW

Organic Wheat - Food Grade HWW

Organic Wheat - Feed Grade HWW

Organic Wheat - Food Grade Durum

Organic Wheat - Feed Grade Durum

Organic Rye - Food Grade

Organic Rye - Feed Grade

Organic Field Peas — Feed Grade

Organic Straw

Organic Alfalfa — Supreme

Organic Alfalfa - Good

Organic Alfalfa - Fair

Organic Alfalfa - Utility

Organic Grass Hay - Premium

Organic Grass Hay - Good

Organic Grass Hay - Fair

Organic Oleic Sunflowers

New Organic Crop Feed Corn

New Organic Crop Feed Soybean

New Organic Crop Food Soybean

New Organic Crop Feed Hard Red Winter
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Appendix C2 — Economic Research Service (ERS) Data Products

Data Product Division Update Frequency
Food Availability (Per Capita) Data System FED Annual (May)
Food Dollar Series FED Annual (Feb)
Food Price Outlook FED Monthly
Food Security in the United States FED Annual (Sept)
Price Spreads from Farm to Consumer FED Annual (Nov)
Quarterly Food-at-Home Price Database FED Annual (Apr)
Food Access Research Atlas FED / ISD Dec 2012 or Jan 2013
Food Environment Atlas FED / ISD Annual (Nov)
Agricultural Baseline Database MTED Annual (February)
Agricultural Trade Multipliers MTED Annual

4 times / year (May, Oct;
Commodity Costs and Returns MTED forecast, Jun, Dec)
Foreign Agricultural Trade of the United States (FATUS) MTED Monthly
International Baseline Data MTED Annual (spring)
U.S. Bioenergy Statistics MTED Monthly
Chart Gallery MULTIPLE
Charts of Note MULTIPLE Daily
Agricultural Productivity in the U.S. RRED National=annual, State=3years
ARMS Farm Financial and Crop Production Practices RRED 2 times / year
Farm Household Income and Characteristics RRED 3 times / year + annual
Farm Income and Wealth Statistics RRED 3 times / year
Commodity Consumption by Population Characteristics FED Every 2 years
Flexible Consumer Behavior Survey FED Every 2 years
Food Consumption and Nutrient Intakes FED n/a
Food Expenditures FED Annual (June)
Fruit and Vegetable Prices FED Every 3 to 5 years
Agricultural Exchange Rate Data Set MTED 2 times / year
Cotton and Wool Yearbook MTED Annual
Dairy Data MTED Monthly
Feed Grains Database MTED Monthly
Fruit and Tree Nut Data MTED Monthly
International Macroeconomic Data Set MTED 2 times / year
Livestock & Meat Domestic Data MTED Monthly
Livestock & Meat International Trade Da7ta MTED Monthly
Meat Price Spreads MTED Monthly
Milk Cost of Production Estimates MTED Monthly
Oil Crops Yearbook MTED Annual
Rice Yearbook MTED Annual
State Export Data MTED Annual
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Sugar and Sweeteners Yearbook Tables MTED Monthly
Vegetables and Pulses Data MTED Monthly
Wheat Data MTED Monthly
Adoption of Genetically Engineered Crops in the U.S. RRED Annual
Agricultural Research Funding in the Public and Private Sectors RRED Perjodic
Atlas of Rural and Small-Town America RRED Periodic
Commuting Zones and Labor Market Areas RRED Every 2 Years
County Typology Codes RRED Every 6 years
Major Land Uses RRED Every 5 Years
Normalized Prices RRED Annual
Population-Interaction Zones for Agriculture (PIZA) RRED Every 10 years
State Fact Sheets RRED Annual
Eating and Health Module (ATUS) FED Every 5 yrs (at best)
Supplemental Nutrition Assistance Program (SNAP) Data System FED Annual (Sept)
Aquaculture Data MTED Monthly
China Agricultural and Economic Data MTED Periodic
International Food Consumption Patterns MTED Periodic
Phytosanitary Regulations MTED Annual

Rice Chart Gallery MTED Monthly
Season-Average Price Forecasts MTED Monthly

U.S. Food Imports MTED Annual

Farm Program Atlas MTED/ISD Periodic
County-level Data Sets RRED Periodic
Creative Class County Codes RRED Periodic
Frontier and Remote Area Codes RRED Periodic
Monthly Cash Receipts RRED Monthly
Natural Amenities Scale RRED Periodic
Organic Handlers: Procurement and Contracting RRED Periodic
Organic Prices RRED Periodic
Organic Production RRED Periodic
Rural Definitions RRED Every 7 years
Rural-Urban Commuting Area Codes RRED Every 8 years
Rural-Urban Continuum Codes RRED Every10 years
Urban Influence Codes RRED Every 5 Years
Bilateral Fiber and Textile Trade MTED None
Commodity and Food Elasticities MTED None
Agricultural Outlook Statistical Indicators MULTIPLE Being discontinued
Federal Funds RRED None
Fertilizer Imports/Exports RRED None
Fertilizer Use and Price RRED None
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Appendix C3 - Office of the Chief Economist Data Products

Data Product Office Update Frequency
World Ag Supply & Demand Estimates (WASDE) WAOB! Monthly

USDA Agricultural Projections WAOB? Annually

Weekly Weather and Crop Bulletin WAOB? Weekly
International Agricultural Weather Highlights WAOB Monthly

U.S. Agricultural Weather Highlights WAOB Daily

Percentage of Crops and Livestock Located in Drought WAOB Weekly

1 With input from AMS, FSA, FAS, and ERS.
2 With input from ERS, FAS, AMS, OBPA, RMA, NRCS, and NIFA.
3 With input from DOC (NOAA and NWS), and USDA (NASS).
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